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Abstract

This paper addresses the low learning efficiency of Q
learning due to its enormous learning time. We propose a
method for regressing the optimal actions by predicting
the Q parameters of whole actions to improve its learning
efficiency by multiple regression analysis. We use a 2D
fighting game-type platform called FightingICE as an
experiment environment. The experiment of the proposed
method shows that our method sometimes surpasses the
rule-based Al that the conventional machine learning-
based method could not surpass. This may be because the
method has been able to predict the action, which has the
larger Q parameter, not only repeating the action that Q
parameter has recorded. On the other hand, the result
shows that although in some cases it surpasses the
conventional method, the overall score was lower. This
result indicates that our method failed to predict the
accurate Q parameters, and is less effective than the
conventional method. This may be because the proposed
method is excessively affected by the multiple regression
analysis, and the result calculated from this could be
greatly changed by the recorded Q parameters.
Especially, the correlation coefficient largely fluctuates
with changes in Q parameters, and the extra data
initializes Q parameters with zeros for all options.
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