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Abstract

YouTube is one of the largest and most sophisticated
recommender systems and a useful source of information
for users. In video search on YouTube, even the same user
has different purposes in mind depending on the wuser’s
state. However, videos are recommended based on the
relevance of videos and the user's view history, regardless
of the user's state. This paper proposes a classification of
video viewing task types based on the user’s behavioral
characteristics. By classifying the user's purpose as a task
type, it enables higher-order recommendation that fits the
task type. Behavioral characteristics are momentary
characteristics of the user that appear from actions such
as screen scrolling and video previewing. The system
implicitly records the user’s actions, classifies the task
type based on these parameters, and recommends the
related video list on a mobile application that imitates
YouTube. Experiments were conducted to evaluate
classification  accuracy of task types and
recommendation. We conducted a pre-questionnaire on
YouTube usage and a post-questionnaire on video
recommendation for each participant. This paper
presents the points to be improved and discussions on
future research.
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