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Abstract

YouTube is an online video sharing platform that
started service in 2005. Since any users can easily post
their videos to YouTube, there are various genres of
videos. One major genre is musical cover videos with
various songs such as fan-made videos. There are many
varieties of musical cover videos where, for example,
users sing songs and play instruments such as the piano
and the guitar. Since musical cover videos can increase
the popularity of the original songs, it is a useful means
of promoting the songs. Therefore, creators compose
songs by aiming at facilitating the musical cover videos
of their songs. However, it is difficult to check how such
aims affect musical cover videos. Therefore, it will be
useful if there is a tool that can analyze musical cover
videos. This paper proposes a method for analyzing
musical cover videos by automatically classifying and
visualizing them in chronological order. We process the
data by morphological analysis and visualize and classify
it by using TF-IDFss, cosine similarities, and hierarchical
clustering. To easily analyze clusters, we present a
function for showing clusters’ legends and videos' titles.
To easily find clusters’ features that are hard to find, we
provide a function for changing the number of clusters.
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