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Abstract

There are several ways for beginners to have their own
web sites. A widely-used content management system
called WordPress allows them to create web sites using
their own themes without the specialized knowledge of
HTML and CSS. A theme is a collection of web page
designs and functions, and there are about 7000 themes
on WordPress.org. However, it is difficult for beginners
to find suitable themes. This paper proposes an intuitive
method for finding a theme by image search and
processing. It uses thumbnail images of themes as a
database for image search. To simplify text and
photograph elements in the thumbnail images, Tesseract
OCR and OpenCV are used for character recognition,
binarization, and edge extraction. It also processes
images in the database using a feature analyzer named
MobileNetV3. The processed images are compared with
the query image, and the images with the closest
Euclidean distances to the query image are output as a
search result. As an example of its application, a web
application using the proposed method was created. The
web application allows users to draw their own images
and search for the desired themes close to the drawn
images.
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